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Abstract 

The emergence of Generative Artificial Intelligence is 
reshaping debates and practices surrounding higher 
education governance and compelling universities to 
develop policy responses. This study compares GenAI 
policies across 29 universities in North America, Europe, East 
and Southeast Asia, Oceania, and institutions in the Middle 
East, Africa, and Latin America. It examines four questions: 
which policy archetypes have emerged across major regions; 
what emerging or hybrid approaches appear beyond these 
archetypes; what governance principles underpin policy 
approaches; and how these findings can inform a 
governance framework for higher education institutions. 
Using qualitative content analysis with a hybrid inductive–
deductive approach, the study identifies four dominant 
archetypes: Risk-Management and Compliance, Ethical-
Framework and Rights-Based, Dialogic and Flexible, and 
Empowerment and Literacy-First. Emerging approaches are 
identified in China/East Asia, the Middle East, Africa, and 
Latin America, while hybrid approaches are observed in 
North America, reflecting variation in regulatory contexts, 
institutional resources, and educational practices. Across 
the sampled universities, three recurrent governance 
principles emerge: Mandatory Transparency, Ultimate 
Human Accountability, and Preservation and Cultivation of 
Critical Thinking. The study synthesizes these findings into a 
Tripartite Adaptive Governance Framework spanning 
strategic, operational, and cultural levels, offering a flexible 
basis for responsible, equitable, and pedagogically sound 
GenAI adoption. 
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Introduction 

The public release of advanced Generative AI (GenAI) tools has rapidly reshaped debates 
and institutional practices surrounding teaching, assessment, research, and academic 
integrity in higher education (Dwivedi et al., 2023). Institutions have had to move from 
speculative debate to policy formulation within a relatively short timeframe. Initial reactions 
ranged from outright prohibition to cautious encouragement, but a clear trend is now 
visible: a move towards more structured, principle-based governance frameworks that seek 
to balance the immense pedagogical and research opportunities of GenAI with significant 
ethical and practical risks (Eaton, 2023). 

While a substantial body of literature examines the theoretical implications, ethical 
dilemmas, and potential applications of GenAI in academia, systematic comparative 
research on the institutional GenAI policies and guidance that universities are developing 
remains limited. Recent studies have begun to map national and institutional responses 
(Parker et al., 2025; Li et al., 2026), yet a fine-grained, cross-regional comparison of 
institutional policy archetypes remains limited. How are leading higher education 
institutions (HEIs) translating abstract principles into concrete rules? What governance 
models are crystallizing, and how do they vary across different regulatory and cultural 
contexts? Understanding this evolving policy landscape is essential for any institution 
seeking to develop its own effective and responsible approach. 

This study addresses this gap by conducting a qualitative content analysis of publicly 
available institutional GenAI policies and guidance from 29 leading universities. The sample 
spans North America, Europe, East and Southeast Asia, and Oceania, and also includes 
institutions from the Middle East, Africa, and Latin America to capture a broader range of 
regulatory and cultural contexts. The study aims to identify and compare distinct GenAI 
policy archetypes across the selected universities and to examine emerging or hybrid 
approaches in regions where these dominant archetypes do not fully capture the observed 
policy approaches. It further seeks to identify common governance principles across the 
sampled policies and synthesize the findings into a flexible, context-sensitive governance 
framework for higher education institutions. 

The significance of this research is both scholarly and practical. Theoretically, it 
contributes to the literature on technology governance in higher education by identifying 
empirically grounded policy archetypes across the selected regions and examining common 
governance principles that cut across these approaches. Practically, it offers educators, 
administrators, and policymakers an empirically informed conceptual framework derived 
from the policies of selected institutions. By moving beyond individual institutional case 
studies, this analysis provides a comparative reference for higher education institutions 
examining GenAI policy development. 

Literature Review 

The integration of Artificial Intelligence (AI), and particularly Generative AI (GenAI), into 
higher education is a rapidly evolving, multi-disciplinary field of scholarly inquiry. This review 
synthesizes existing literature along four key thematic strands: (1) the disruptive potential 
and inherent challenges of GenAI for academic ecosystems, (2) the spectrum of proposed 
theoretical, pedagogical, and ethical responses, (3) the emerging empirical literature on 
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institutional reactions and comparative policy analysis, and (4) the specific gap this study 
addresses: the need for a fine-grained, cross-regional typology of institutional policy 
archetypes. 

Opportunities and Profound Challenges 
A growing body of literature suggests that GenAI represents not merely an incremental 
change but a transformative force with the potential to reshape the core functions of higher 
education. Scholars highlight AI’s potential as a powerful pedagogical tool for personalized 
and adaptive learning, with recent advances in GenAI expanding these possibilities through 
real-time feedback and tailored student support (Popenici & Kerr, 2017; Zawacki-Richter et 
al., 2019; Kasneci et al., 2023). It promises efficiency gains by automating administrative and 
instructional tasks such as generating lesson plans, quiz questions, or providing initial 
feedback on drafts, freeing educator time for higher-order interactions. Furthermore, it can 
significantly augment research processes through advanced literature synthesis, data 
analysis, hypothesis generation, and even drafting (Dwivedi et al., 2023). It is seen as a 
catalyst for creativity, acting as a brainstorming partner, and a potential democratizer of 
educational support. 

Concurrently, a substantial and growing body of literature details profound, systemic 
challenges. Foremost is the substantial challenge to traditional models of academic integrity 
and assessment. The ease of generating coherent, seemingly original text has escalated 
concerns about plagiarism and contract cheating to a new level, complicating or even 
nullifying traditional take-home assignments and unsupervised assessments (Wang et al., 
2024; Cotton et al., 2023). This is intrinsically linked to the risk of cognitive offloading or 
"digital laziness," where over-reliance on AI may erode students' foundational critical 
thinking, problem-solving, deep reading, and knowledge synthesis skills—the very skills 
higher education aims to cultivate (Sullivan et al., 2023). Beyond integrity, significant ethical 
concerns are paramount. Data privacy and security risks arise when sensitive institutional, 
research, or personal student data is input into public, proprietary AI platforms with opaque 
data usage policies. Algorithmic bias and fairness are major issues, as GenAI models often 
perpetuate and amplify societal biases present in their training data, potentially leading to 
unfair or discriminatory outcomes in educational contexts (UNESCO, 2023). Authorship, 
intellectual property, and copyright become murky when AI is involved in content creation, 
challenging traditional notions of originality and ownership. Unequal access to AI 
technologies and differences in the digital capabilities required to use them effectively may 
further reproduce or deepen existing educational inequalities (Williamson & Eynon, 2020). 

Navigating the Disruption 
In response to these challenges, the literature proposes a range of normative frameworks 
and strategic responses. A recurring theme in the literature is the call for a fundamental shift 
from a detection and punishment paradigm towards a prevention, education, and redesign 
paradigm (Eaton, 2023). This involves moving beyond a reliance on (often flawed) AI-text 
detectors and instead rethinking assessment design to make it more "AI-resistant" or, 
preferably, "AI-embracing." This includes focusing on process over product, incorporating 
reflective components, oral defenses (viva voce), in-class activities, collaborative projects, 
and assessments tied to personal experience or current local events (Cotton et al., 2023). At 
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the ethical level, proposed guidelines frequently converge on a set of core principles. 
Transparency and accountability are frequently identified as foundational principles in the 
broader AI ethics literature (Jobin et al., 2019). The principle of pedagogical purpose dictates 
that AI use should demonstrably enhance specific learning outcomes rather than merely 
serve as a shortcut. Scholars increasingly advocate for AI literacy as a critical component of 
modern education, necessary to empower both students and faculty to use AI systems not 
just technically, but critically, ethically, and effectively (Long & Magerko, 2020). This literacy 
encompasses understanding how these tools work, their limitations, their ethical 
implications, and strategies for critical evaluation of their outputs. 

The Emerging Empirical Literature on Institutional Responses 
A nascent but rapidly growing strand of literature has begun to document and analyze 
institutional and national responses to GenAI. Early studies provided valuable snapshots of 
the initial chaos, describing the range of immediate reactions from outright bans to cautious 
encouragement (e.g., Sullivan et al., 2023). More recent work has moved beyond single-
institution case studies toward systematic, comparative analysis. For instance, Parker et al. 
(2025) conducted a comparative analysis of AI policies across 343 leading universities in five 
countries, identifying significant regional differences in policy focus and the degree of 
instructor autonomy. Similarly, Li et al. (2026) proposed a structured framework (UPDF-GAI) 
for developing university policies on GenAI governance, based on a cross-national 
comparison of institutions in the United States, Japan, and China. At the institutional level, 
An et al. (2025) analyzed GenAI guidelines from 50 leading U.S. universities and identified 
four core themes: the integration of GenAI in learning and assessment, its use in visual and 
multimodal media, security and ethical considerations, and academic integrity. Their 
findings also highlight the need for flexible, stakeholder-specific institutional guidance. 
Collectively, these studies map important dimensions of institutional GenAI responses but 
remain limited in geographical scope or analytical focus and have not fully developed a fine-
grained, cross-regional typology of institutional policy archetypes. 

Existing literature also points to several recurring orientations in institutional GenAI 
governance, including risk control and compliance, rights- and ethics-based governance, 
participatory and flexible approaches, and capacity-building through AI literacy and 
empowerment. However, these orientations have largely been discussed as individual 
principles or strategic responses rather than synthesized into empirically derived policy 
archetypes across diverse institutional and regional contexts. 

The Specific Gap 
Building on this literature, the specific gap lies in the absence of a fine-grained, empirically 
grounded typology of institutional GenAI policy archetypes derived from systematic 
comparison of formal university documents across diverse regions. Such an analysis can 
show how universities translate abstract ethical and strategic principles into concrete rules, 
how different governance models emerge, and how these approaches vary across 
geopolitical, cultural, and regulatory contexts. Institutional policies are particularly 
important in this regard because they provide the formal mechanisms through which 
governance principles are operationalized: they shape behavior, allocate resources, define 
permissible practices, and establish institutional norms. 
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This study addresses this gap by systematically comparing the policies of selected 
universities across diverse regions to identify emergent governance archetypes and 
common principles. The resulting empirical mapping provides the basis for a flexible, 
context-sensitive framework to inform GenAI policy development beyond the sampled 
cases. 

Research Methodology 

This study employed an exploratory qualitative comparative research design to examine 
how selected universities have formally approached the governance of Generative AI 
(GenAI). The study addressed four research questions concerning the identification of policy 
archetypes, emerging or hybrid approaches, common principles across the sampled 
institutions, and the synthesis of these findings into a flexible governance framework. Given 
the limited availability of established categories for comparing university GenAI policies, the 
analysis followed a hybrid inductive–deductive approach, in which themes were first 
identified from the policy documents and subsequently organized into broader analytical 
categories (Fereday & Muir-Cochrane, 2006). 

The unit of comparison was the university, while official institutional policy documents 
constituted the primary data sources. Documents were included when they addressed the 
use of GenAI in teaching, learning, assessment, or research and were issued or formally 
endorsed by an authoritative university body, such as a central administration, senate, 
provost’s office, teaching and learning centre, academic integrity office, or IT unit. Where 
no university-wide policy was available, officially adopted faculty- or department-level 
guidance was included as supplementary evidence. 

A purposive maximum-variation sampling strategy was used to select 29 universities 
(Patton, 2015; Yin, 2018). The sample was constructed to provide variation across North 
America, Europe, East and Southeast Asia, Oceania, the Middle East, Africa, and Latin 
America, as well as variation in institutional policy orientations. The aim was analytical 
comparison rather than statistical representation. The selected universities included 
prominent institutions such as Harvard, MIT, Stanford, Oxford, Cambridge, ETH Zurich, 
Utrecht, the University of Tokyo, the National University of Singapore, Yonsei University, the 
Australian National University, and the University of Melbourne, together with selected 
institutions from the Middle East, Africa, and Latin America. 

Data were collected between January and December 2025 from publicly accessible 
official university sources. These included central university policy pages and 
announcements, teaching and learning centres, academic integrity offices, IT and 
information-security units, and relevant faculty or student guidance pages. Search terms 
included generative AI policy, ChatGPT guidelines, AI in education acceptable use, and 
academic integrity artificial intelligence. Retrieved documents were archived and catalogued 
by university, document type, date, and issuing unit. 

Data analysis was conducted using NVivo 14 and proceeded iteratively. First, 
documents were reviewed to identify their scope, emphasis, and policy orientation. Second, 
inductive open coding was applied to provisions concerning permissions, restrictions, 
principles, responsibilities, rationales, and implementation mechanisms (Charmaz, 2015). 
Third, related codes were consolidated into a codebook of 12 thematic categories, including 
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Data Security and Privacy, Assessment Redesign, Equity and Access, and Governance 
Structure. Fourth, the codebook was applied across the 29 university cases to develop 
comparative policy profiles. Archetypes were assigned based on the dominant governance 
orientation reflected in the combination of themes, policy mechanisms, and stated 
rationales within each university case. Cases without a sufficiently dominant orientation 
were classified as hybrid, while substantively distinct configurations not fitting the four 
dominant archetypes were classified as emerging.  

To identify principles shared across the sampled institutions, theme frequencies were 
calculated at the university-case level. A threshold of 72% (21 of 29 cases) was used as a 
screening criterion for highly prevalent themes. Frequency counts were interpreted 
descriptively and were not treated as evidence of statistical generalizability. Themes 
meeting the threshold were subsequently examined qualitatively to assess their conceptual 
coherence and relevance as governance principles. This process resulted in the identification 
of three recurrent governance principles across the sample: Mandatory Transparency, 
Ultimate Human Accountability, and Preservation and cultivation of Critical Thinking. 

The final stage synthesized the identified archetypes and principles into the proposed 
Tripartite Adaptive Governance Framework, organized across strategic, operational, and 
cultural levels. The framework was developed by relating the empirical findings to relevant 
governance principles/literature. 

Several procedures were used to strengthen the trustworthiness of the analysis, 
including comparison of multiple documents within institutions, peer debriefing, direct use 
of documentary evidence, and reflexive documentation of analytical decisions. Two 
independent coders separately coded six university cases (approximately 20% of the 
sample). Initial agreement was 84%, and Cohen’s kappa was κ = 0.79, indicating substantial 
agreement. Coding discrepancies were subsequently discussed and resolved before the final 
analysis. 

The study has several limitations. The sample is purposive and relatively small, and 
therefore the findings are not statistically generalizable to universities as a whole. The 
analysis focuses on formal policy documents rather than policy implementation in practice 
and may overrepresent prominent institutions with publicly accessible policies. In addition, 
the study reflects a policy landscape that was evolving rapidly during 2025 and is limited 
primarily to English-language documents and official English translations. The four 
archetypes should therefore be understood as dominant patterns within the sampled cases 
rather than exhaustive categories of university GenAI governance. Similarly, the three 
principles identified represent recurring patterns across the sample rather than universal 
principles applicable to all higher education institutions. 

Findings 

The comparative analysis of GenAI policies from 29 universities revealed a complex and 
evolving landscape. Distinct policy orientations emerged within the sample, with substantial 
convergence around several governance concerns. The findings are organized into four 
interconnected dimensions: (1) four dominant policy archetypes, (2) emerging and hybrid 
models, (3) common governance principles across the sampled universities, and (4) selected 
implementation frameworks and tools. 
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Dominant Policy Archetypes: Four Models of Governance 
The analysis identified four dominant policy archetypes, each concentrated in particular 
regional clusters within the sample (see Table 2). These archetypes account for the majority 
of the institutions analyzed, while several universities displayed hybrid or emerging 
approaches that did not fit neatly into a single model. 

The Risk-Management & Compliance Model (Predominant in North American Cases) 
Exemplified by institutions such as Harvard University and the Massachusetts Institute of 
Technology (MIT), this model is characterized by a procedural and risk-oriented approach. 
Its primary focus is on institutional risk mitigation, particularly data security, privacy, 
compliance, and intellectual property (Harvard University Office of the Provost, 2023; MIT 
Information Systems & Technology, 2025). Institutional guidance places particular emphasis 
on information-security requirements and the assessment of AI tools before they are used 
with university data (Harvard University Office of the Provost, 2023; MIT Information 
Systems & Technology, 2025). Key features include: 

Strict Data Prohibitions: Explicit restrictions on entering confidential university data, 
non-public research data, or sensitive personal information into publicly available GenAI 
tools. Harvard, for example, prohibits the use of confidential data in publicly available tools 
unless the relevant tool has been appropriately assessed and approved (Harvard University 
Office of the Provost, 2023; MIT Information Systems & Technology, 2025). 

Pre-Vetting and Centralized Approval: Institutional processes for assessing the security 
and privacy risks of GenAI tools before they are used with university data, together with the 
use of approved or institutionally licensed applications (Harvard University Office of the 
Provost, 2023; MIT Information Systems & Technology, 2025). 

Contractual Scrutiny: Attention to the privacy, security, and contractual conditions 
associated with commercial AI vendors and institutionally procured tools (MIT Information 
Systems & Technology, 2025; Harvard University Office of the Provost, 2023). 

Disclosure and Accountability: Transparency regarding AI use is linked to institutional 
accountability, while users remain responsible for reviewing and validating AI-generated 
content before publication or submission (Harvard University Office of the Provost, 2023; 
Stanford University Information Technology, 2025). 

The Ethical-Framework & Rights-Based Model (Predominant in European Cases) 
Represented by universities such as the University of Oxford and Utrecht University, this 
model is characterized by principle-based governance and an explicit emphasis on ethical 
and rights-related considerations. Relevant policy contexts include the EU's GDPR and AI Act 
(Regulation (EU) 2024/1689), the UK's data protection regime, and Switzerland's Federal Act 
on Data Protection (FADP). The focus extends beyond risk mitigation to the conditions for 
ethical and pedagogically appropriate use. Key features include: 

Structured Ethical Principles: Policies are built around explicit principles. Oxford's 
approach centres on transparency, rigour, and respect, alongside accountability and 
academic integrity (University of Oxford, 2025a). Similarly, ETH Zurich's guidelines 
emphasize responsibility, transparency, and fairness (ETH Zurich, 2024). 

Promotion of Secure University Platforms: Policies encourage the use of institutionally 
licensed and appropriately secured platforms for university-related work, particularly where 
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sensitive or confidential data are involved. Oxford provides institutionally supported access 
to approved AI services for staff and students, alongside guidance on appropriate use with 
university data (University of Oxford, 2025b; University of Oxford, 2025c). 

Tiered and Flexible Integration Frameworks: A notable feature is the use of graduated 
models of permissible AI use. Utrecht University's five-level scale ranges from no permitted 
AI use to more extensive and transparent integration, allowing instructors to align AI use 
with particular learning objectives and assessment requirements (Utrecht University, 2025). 

Alignment with Broader Digital Ethics: Policies connect AI use with wider 
commitments concerning responsible digital practice, human values, and institutional 
responsibility (ETH Zurich, 2024). 

The Dialogic & Flexible Model (Predominant in East and Southeast Asian Cases) 
Represented by institutions such as the National University of Singapore (NUS) and the 
University of Tokyo, this model prioritizes contextual adaptability, instructor autonomy, and 
dialogue over uniform, top-down rules. The pattern is particularly evident in policies that 
leave substantial room for course- or department-level interpretation and emphasize 
communication between instructors and students. Key features include: 

Devolution of Decision-Making: Individual instructors, departments, or faculties are 
given substantial discretion to determine appropriate AI use based on course objectives, 
disciplinary norms, and pedagogical judgment. The University of Tokyo states that it does 
not uniformly prohibit generative AI and that decisions regarding use in individual courses 
are entrusted to the instructor (University of Tokyo, 2023). Similarly, NUS's History 
Department advises students to communicate with their instructors regarding AI use in their 
courses (NUS Department of History, 2025). 

Conversation over Control: Policies frame AI governance as a shared responsibility 
involving communication between instructors and students. NUS emphasizes shared 
responsibility in its interim policy (National University of Singapore, 2025), while 
departmental guidance encourages discussion of permissible AI use (NUS Department of 
History, 2025). The University of Tokyo's 2024 survey on generative AI provision also 
incorporated community input into the development of institutional responses (University 
of Tokyo, 2024). 

Focus on the Learning Process: Policy guidance emphasizes meaningful learning, 
understanding, and critical engagement rather than task completion alone. The University 
of Tokyo warns that reliance on AI-generated text can reduce opportunities for students to 
develop their own thinking processes (University of Tokyo, 2023). The NUS History 
Department similarly cautions against over-reliance on GenAI because it may reduce 
opportunities to develop research, analytical, and interpretive skills (NUS Department of 
History, 2025). 

Explicit Skepticism of Detection Tools: Some policies caution against treating AI-
detection software as definitive evidence of misconduct. The University of Tokyo, for 
example, emphasizes dialogue and process-oriented learning rather than relying primarily 
on technological detection (University of Tokyo, 2023). 

The Empowerment & Literacy-First Model (Predominant in Oceania) 
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Represented by the Australian National University (ANU) and the University of Melbourne, 
this model adopts a capacity-building approach centred on preparing students and staff to 
use GenAI responsibly and effectively. A central emphasis is on building an informed and 
capable university community (Australian National University, 2024; University of 
Melbourne, 2025). Key features include: 

Mandatory AI Literacy Education: The provision of required or strongly encouraged 
learning resources and training for students and staff, covering practical use, ethical issues, 
limitations, and critical evaluation of AI outputs (Australian National University, 2024). 

Policy as an Extension of Curriculum: Policy communication and guidance are treated 
as part of developing a culture of responsible AI use, rather than solely as mechanisms for 
restricting behaviour (Australian National University, 2024; University of Melbourne, 2025). 

Proactive Support for Innovation: Alongside assessment boundaries, these policies 
provide resources and guidance to help educators experiment with GenAI in teaching and 
research while maintaining academic and ethical standards (University of Melbourne, 2025). 

National Policy Coordination: The Australian cases in the sample also show references 
to broader national and sector-level guidance on GenAI in higher education, alongside 
institution-specific policies (Australian National University, 2024; University of Melbourne, 
2025). 
 
Table 1. 
Overview and Classification of Analyzed Universities by GenAI Policy Archetype 

University Country Region Archetype Key Policy Focus 

1 Harvard University USA North 
America 

Risk-Management & 
Compliance 

Confidential data prohibition, AI 
transparency statements, 
advisory guidelines 

2 Massachusetts 
Institute of 
Technology (MIT) 

USA North 
America 

Risk-Management & 
Compliance 

Vendor assessment, data risk 
levels, compliance with 
FERPA/HIPAA 

3 Stanford 
University 

USA North 
America 

Risk-Management & 
Compliance 

Data security, responsible use 
guidelines, AI Playground 
platform 

4 Cornell University USA North 
America 

Risk-Management & 
Compliance 

Faculty guides, focus on 
assessment redesign 

5 University of 
Toronto 

Canada North 
America 

Hybrid (Risk-
Management + 
Pedagogical) 

Balance of security and 
pedagogical innovation, hybrid 
pattern 

6 McGill University Canada North 
America 

Hybrid (Risk-
Management + 
Faculty 
Development) 

Workshops, resources for 
instructors, flexible course-level 
policies 

7 University of 
British Columbia 
(UBC) 

Canada North 
America 

Risk-Management & 
Compliance 

Guidelines for instructors, 
emphasis on teaching and 
learning support 

8 University of 
Oxford 

UK Europe Ethical-Framework & 
Rights-Based 

Secure university platforms, no AI 
in exams unless explicitly 
permitted, three principles: 
ethics, accountability, 
transparency 

9 University of 
Cambridge 

UK Europe Ethical-Framework & 
Rights-Based 

Principle-driven, UK GDPR-
compliant, secure tools 

10 University of 
Edinburgh 

UK Europe Ethical-Framework & 
Rights-Based 

Ethics & compliance framework, 
toolkit, literacy focus 

11 Utrecht University Netherlands Europe Ethical-Framework & 
Rights-Based 

Tiered Integration Model (5 
Levels), scalable use framework, 
mandatory documentation 
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12 ETH Zurich Switzerland Europe Ethical-Framework & 
Rights-Based 

Three pillars: responsibility, 
transparency, fairness; human 
dignity; continuous guideline 
updates 

13 Technical 
University of 
Munich (TUM) 

Germany Europe Ethical-Framework & 
Rights-Based 

Curriculum integration, practical 
responsible use in degree 
programs 

14 University of 
Tokyo 

Japan East Asia Dialogic & Flexible Decentralized (departmental 
autonomy), emphasis on 
meaningful learning, dialogue 
over detection 

15 Yonsei University South Korea East Asia Dialogic & Flexible "Mutual Agreement" Model, 
instructor-student consensus, 
responsible use checklists 

16 Seoul National 
University 

South Korea East Asia Dialogic & Flexible Agreement-based model (similar 
to Yonsei), ethical use emphasis 

17 Peking University China East Asia State-Guided Ethical 
(Emerging) 

Regulated flexibility, aligned with 
institutional guidelines 

18 Tsinghua 
University 

China East Asia State-Guided Ethical 
(Emerging) 

Structured policy with scope for 
departmental adaptation 

19 Chinese University 
of Hong Kong 
(CUHK) 

Hong Kong East Asia Dialogic & Flexible Flexible & contextual model, 
multiple permitted approaches 

20 National 
University of 
Singapore (NUS) 

Singapore Southeast 
Asia 

Dialogic & Flexible Dialogue & shared responsibility, 
transparency declaration, critical 
analysis of AI output 

21 Australian 
National 
University (ANU) 

Australia Oceania Empowerment & 
Literacy-First 

AI literacy curriculum, critical and 
ethical use, "AI literacy before AI 
use" 

22 University of 
Melbourne 

Australia Oceania Empowerment & 
Literacy-First 

Active adoption with formal 
policies, structured assessment 
guidelines 

23 University of 
Sydney 

Australia Oceania Empowerment & 
Literacy-First 

Controlled innovation, training 
and support services, literacy 
focus 

24 Monash 
University 

Australia Oceania Empowerment & 
Literacy-First 

Ethical use framework, staff and 
student training 

25 University of 
Queensland 

Australia Oceania Empowerment & 
Literacy-First 

Integration of AI literacy across 
programs 

26 King Saud 
University 

Saudi Arabia Middle East State-Guided Ethical 
(Emerging) 

SDAIA six-principle framework 
(responsibility, privacy, human-
centric, equity, transparency, 
continuous learning) 

27 University of 
Jordan 

Jordan Middle East State-Guided Ethical 
(Emerging) 

AI as supportive tool (not 
replacement), legal basis under 
Jordanian Universities Law, free 
Gemini access 

28 University of Cape 
Town 

South Africa Africa Equity-Aware 
Adaptation 
(Emerging) 

Focus on digital divide, accessible 
tools, contextual challenges 

29 University of São 
Paulo 

Brazil Latin 
America 

Equity-Aware 
Adaptation 
(Emerging) 

In early stages of policy 
formulation, exploring global 
benchmarks 
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Table 2. 
Summary of  four dominant regional archetypes in higher education 

Archetype Region 
Primary 
Governance Focus 

Typical Mechanisms Exemplar Institutions 

Risk-Management 
& Compliance 

North America 
(USA, Canada) 

Institutional 
Liability & Legal 
Duty 

Data security, privacy law compliance, risk 
mitigation; data classification schemes, IT 
pre-approval processes, vendor contract 
review, mandatory disclosure as audit trail 

MIT, Harvard, 
Stanford, UBC, Cornell 

Ethical-Framework 
& Rights-Based 

Europe (UK, EU, 
Switzerland) 

Human Dignity & 
Principle-Based 
Regulation 

Ethical integration, data sovereignty, 
pedagogical alignment; published ethical 
principles, secure university platforms, 
tiered use frameworks (e.g., Utrecht 5-Level) 

Oxford, Cambridge, 
ETH Zurich, Utrecht, 
Edinburgh, TUM 

Dialogic & Flexible 
Asia (East & 
Southeast Asia) 

Contextual 
Adaptation & 
Relational Trust 

Instructor autonomy, learning process, 
community dialogue; department-
/instructor-level policy setting, student–
instructor conversation, skepticism of 
detection tools 

NUS, University of 
Tokyo, Yonsei, CUHK, 
Seoul National 
University 

Empowerment & 
Literacy-First 

Oceania 
(Australia) 

Capacity Building 
& Systemic 
Preparation 

AI literacy, curriculum integration, 
innovation support; mandatory AI literacy 
modules, policy as curriculum extension, 
national coordination 

ANU, Melbourne, 
Sydney, Monash, 
Queensland 

 

Emerging and Hybrid Models: Beyond the Four Archetypes 
While the four archetypes capture the dominant patterns in the sample, several 
institutions—particularly in the Middle East, Africa, and Latin America—displayed policy 
approaches that did not align neatly with a single archetype. These cases indicate additional 
patterns associated with different regulatory, institutional, and resource contexts that are 
not fully captured by the four dominant models. 

State-Guided Ethical Model (China and Middle East) 
Several emerging cases in the sample, particularly Peking University and Tsinghua University 
in China and King Saud University and the University of Jordan in the Middle East, reflected 
a stronger alignment between institutional GenAI guidance and broader national or system-
level policy frameworks. These cases are grouped as a State-Guided Ethical model because 
their institutional GenAI governance reflects broader regulatory, ethical, and system-level 
policy contexts, with institutional guidance shaped by structured governance frameworks 
beyond individual course-level decisions. 

In the Chinese cases, Tsinghua University established a comprehensive, university-
wide framework for AI use in education, incorporating principles of human responsibility, 
compliance and integrity, data security, critical thinking, and fairness (Tsinghua University, 
2025). Peking University has likewise developed and supported structured guidance on the 
boundaries and responsible use of AI in higher education, including principles concerning 
compliance, equity, and responsible application (Peking University, 2024). These cases 
therefore illustrate emerging forms of structured and regulated flexibility rather than a 
uniformly centralized model. 

In the Middle Eastern cases, King Saud University's guidelines align with the Saudi Data 
and AI Authority (SDAIA) six-principle framework, including responsible use, privacy and data 
security, human-centeredness, fairness and accessibility, transparency and accountability, 
and continuous learning and feedback, with implementation at the college level (King Saud 
University, 2025). The University of Jordan frames AI as a supportive tool rather than a 
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replacement, within the context of the Jordanian higher education system and a national 
initiative providing university students with access to Gemini (University of Jordan, 2025). 

Although the institutional contexts differ between China and the Middle East, these 
cases share an explicit institutional linkage to broader national or system-level AI 
frameworks and are therefore treated as emerging cases within the State-Guided Ethical 
category. 

Equity-Aware Adaptation Model (Africa and Latin America) 
Institutions such as the University of Cape Town (South Africa) and the University of São 
Paulo (Brazil) displayed a pronounced focus on equity, access, and contextual adaptation. 
Their policies recognize the potential for unequal access to AI technologies to reinforce 
existing inequalities and emphasize accessible tools, alternative assessment arrangements, 
and approaches adapted to local conditions (University of Cape Town, 2025; Universidade 
de São Paulo, 2025). This pattern places greater emphasis on equitable access and 
contextual responsiveness than on uniform institutional rules. 

Hybrid Models 
A small number of institutions—notably the University of Toronto and McGill University in 
Canada—presented combinations of elements found across multiple archetypes. For 
example, the University of Toronto combines data-security and privacy requirements with 
pedagogical guidance, instructor resources, and flexible approaches to course-level GenAI 
use (University of Toronto, 2025). McGill University similarly combines institutional 
principles, faculty autonomy, and educational support for responsible GenAI use (McGill 
University, 2025). These cases illustrate how institutional policies may combine elements of 
different governance orientations rather than conforming to a single archetype. 

Common Governance Principles: Three Recurrent Principles 
Despite the diversity of approaches described above, the analysis revealed a strong 
convergence around three highly prevalent governance principles. Three recurrent 
governance principles were identified across the sample: Mandatory Transparency (22/29), 
Ultimate Human Accountability (21/29), and Preservation and Cultivation of Critical Thinking 
(24/29). Rather than representing a uniform global policy standard, these principles indicate 
a high degree of convergence within the present comparative sample. 

Principle 1: Mandatory Transparency 
In 22 of the 29 university cases, students, and in some cases researchers, were required to 
explicitly disclose the use of GenAI in submitted work (Harvard University Office of the 
Provost, 2023; University of Oxford, 2025a; National University of Singapore, 2025) .In some 
policies, this is operationalized through "AI Transparency Statements" or declarations 
specifying the tool used, the nature of the interaction, and the extent to which AI 
contributed to the work (University of Tokyo, 2023). In many cases, non-disclosure is treated 
as a form of academic misconduct, sometimes equated with plagiarism (NUS Department of 
History, 2025). The principle therefore places particular emphasis on transparency regarding 
AI use. 
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Principle 2: Ultimate Human Accountability 
Across the sampled policies, responsibility for AI-assisted outputs remains with the human 
user, including students, researchers, and faculty (MIT Information Systems & Technology, 
2025; ETH Zurich, 2024). This includes verifying factual accuracy, reviewing AI-generated 
content for errors or bias, ensuring appropriate attribution or citation, and maintaining 
academic standards (University of Oxford, 2025b; Australian National University, 2024). 
Human users, rather than AI systems, therefore remain responsible for the quality and 
ethical standing of their work. (University of Melbourne, 2025). 

Principle 3: Preservation and Cultivation of Critical Thinking 
The large majority of policies position AI as a supplement to, rather than a replacement for, 
human cognition and critical engagement. They warn against cognitive offloading, 
shortcutting, and practices that may undermine the learning process (University of Tokyo, 
2023). This principle is reflected particularly in assessment guidance, with policies 
encouraging or requiring instructors to design tasks that directly assess reflection, synthesis, 
application of knowledge, argumentation, and oral explanation (University of Melbourne, 
2025). The underlying emphasis is on using AI to support learning while preserving students' 
opportunities to develop and demonstrate independent thinking. 

Innovative Implementation Frameworks and Tools 
Beyond the archetypes and principles, the analysis identified several operational practices 
and frameworks across the sampled institutions. 

The Utrecht Five-Level AI Index: Utrecht University provides a graduated framework 
for specifying permissible AI use in assessment, ranging from no permitted use to more 
extensive and transparent integration (Utrecht University, 2025): 

 Level 1: No AI. AI use is not permitted, except for limited functions such as basic 
grammar or spelling support. 

 Level 2: AI as Ideation/Brainstorming Partner. AI may be used to generate ideas, 
outlines, or structures, while the submitted content remains the student's own. 

 Level 3: AI as Editor/Feedback Tool. AI may support improvements in style, structure, 
or coding, but should not replace substantive revision. 

 Level 4: AI for Partial Content Generation. AI may be used to generate defined parts 
of an assignment, subject to disclosure and the student's critical evaluation and 
integration of the output. 

 Level 5: Full, Transparent Integration. More extensive AI use is permitted within 
clearly defined instructional requirements and with appropriate transparency. 

 
The framework illustrates how policy can move beyond binary permission or 

prohibition and allow AI use to be aligned with particular learning and assessment objectives 
(Utrecht University, 2025). 

AI Access and Equity: Equity was explicitly recognized as a concern in 22 of the 29 
cases. Policies noted differences in access to advanced AI tools, reliable internet 
connectivity, and the skills needed to use these technologies effectively (National University 
of Singapore, 2025). Institutional responses included providing access to licensed AI tools, 
maintaining campus-based access, offering alternative assessment arrangements, and 
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embedding AI literacy opportunities within education and support services (Australian 
National University, 2024). 

Skeptical Stance on AI Content Detection: Several institutions expressed caution about 
treating automated AI-text detection as definitive evidence of misconduct. The University of 
Tokyo, for example, emphasizes the limitations of detection-based approaches and the 
importance of dialogue and process-oriented learning, while NUS guidance similarly 
cautions against relying solely on detection tools (University of Tokyo, 2023; National 
University of Singapore, 2025). This pattern is consistent with the broader emphasis on 
preventive and pedagogical approaches identified in the sample. 

Focus on Faculty Development: Faculty support was also a recurring feature of the 
policies examined. This included guidance on responsible AI use, examples of transparency 
statements, workshops on assessment redesign, and resources for sharing practices 
(Harvard University, 2025). These measures indicate that implementation is addressed not 
only through rules for students but also through institutional support for instructors. 

Discussion 

Interpreting the Archetypes: Policy as a Reflection of Context 
The four dominant archetypes appear to be associated with different regulatory and 
institutional contexts represented in the sample. The North American Risk-Management 
Model is consistent with a higher education environment characterized by complex federal 
and provincial/state data privacy requirements (e.g., FERPA in the United States and 
provincial privacy legislation in Canada). The European Ethical-Framework Model is likewise 
consistent with the region's rights-based regulatory environment, exemplified by the EU's 
GDPR and AI Act (Regulation (EU) 2024/1689), alongside the UK's data protection regime 
and Switzerland's Federal Act on Data Protection (FADP). The Dialogic & Flexible Model may 
be consistent with context-specific traditions of relational trust, instructor autonomy, and 
consensus-building, although these contextual influences were not directly tested in this 
study. The Empowerment & Literacy-First Model, predominant in Oceania, is consistent with 
a strong emphasis on AI literacy, skills development, and institutional capacity building. 

This variation underscores that there is no "one-size-fits-all" policy template. Effective 
policy must be context-aware, taking account of local regulatory pressures, institutional 
structures, and educational practices. Moreover, the emerging models observed in 
China/East Asia, the Middle East, Africa, and Latin America, together with the hybrid cases 
identified in North America, suggest that regulatory contexts, institutional resources, and 
equity considerations may be associated with distinct policy configurations that are not fully 
captured by the four dominant archetypes. 

The Emergence of "Post-Plagiarism" Academic Integrity 
The recurrent presence of Transparency, Accountability, and Critical Thinking across the 
sampled policies is consistent with the broader shift in academic integrity debates 
associated with what Eaton (2023) has termed "Postplagiarism." Eaton (2023) 
conceptualizes postplagiarism as a broader integrity environment in which advanced 
technologies challenge conventional assumptions about authorship, originality, and human 
agency. Within the present sample, this shift is reflected in greater emphasis on proactive 
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disclosure, critical engagement with sources (including AI), and the demonstration of 
independent cognitive work. 

This redefinition has important implications. It moves integrity beyond a solely 
prohibitive focus toward a more practice-based emphasis on transparent and critical 
engagement. It demands new literacies from students (AI literacy, critical evaluation literacy, 
disclosure literacy) and new pedagogical skills from faculty (designing for critical thinking 
and facilitating discussions on AI ethics). The caution expressed by several institutions 
regarding AI-detection tools is consistent with this shift, particularly where policies 
emphasize process-oriented assessment and human judgment. Integrity is therefore 
addressed through pedagogy and culture as well as through formal rules. 

The Utrecht Spectrum: A Bridge Between Policy and Pedagogy 
The Utrecht 5-Level Framework illustrates how abstract policy principles can be translated 
into a practical, pedagogically differentiated structure. Its tiered design may offer a useful 
reference for institutions seeking to differentiate permissible AI use according to learning 
objectives (Utrecht University, 2025). 

Proposing a Tripartite Adaptive Governance Framework for Global Higher 
Education 

Synthesizing the global analysis, we propose a Tripartite Adaptive Governance Framework 
(Figure 1) as a flexible model for HEIs and, conceptually, for broader higher education 
systems. The framework advocates coherent action across three interconnected levels. 
Although illustrated conceptually at the system level, it is derived primarily from the 
comparative analysis of university-level policies and should therefore be regarded as a 
proposed model rather than an empirically validated national governance framework. 

The Strategic-Infrastructural Level (Macro): 
This level involves senior leadership (university executives, national ministries) and focuses 
on creating enabling conditions. Key actions include: (a) Developing a principle-based 
institutional or national charter that endorses core values (transparency, accountability, 
critical thinking) and mandates local policy development, moving from ad-hoc reactions to 
strategic governance. (b) Investing in secure, equitable digital infrastructure, which may 
involve providing institutionally-licensed AI tools to ensure data security and bridge access 
gaps. (c) Allocating dedicated resources for digital equity to prevent the "AI divide" from 
exacerbating existing inequalities. 

The Operational-Pedagogical Level (Meso): 
This level involves university administrations, teaching centers, and IT departments, focusing 
on translation and capacity building. Key actions include: (a) Supporting academic units in 
developing contextualized, discipline-specific implementation guidelines, utilizing flexible 
tools like the Utrecht Spectrum to accommodate diverse pedagogical needs. (b) 
Launching comprehensive faculty development programs on AI-augmented teaching and 
assessment redesign, building essential pedagogical capacity. (c) Establishing dedicated AI 
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support units to offer technical, pedagogical, and ethical guidance to the academic 
community. 
The Cultural-Ethical Level (Micro): 
This level, enacted in classrooms and through curriculum, focuses on cultivating shared 
norms and competencies. Key interventions include: (a) Embedding AI literacy into the core 
curriculum or orientation programs, creating critically informed users. (b) Institutionalizing 
a standardized transparency protocol (e.g., an AI Use Declaration) for all submitted work, 
normalizing ethical disclosure. (c) Fostering communities of practice among educators to 
share resources, experiences, and innovative practices, building sustainable, bottom-up 
expertise. 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
Figure 1. The proposed Tripartite Adaptive Governance Framework for integrating Generative AI in higher 
education systems. Illustrated conceptually at the system level, the framework shows the dynamic interaction 
and mutual reinforcement among the strategic-infrastructural (macro), operational-pedagogical (meso), and 
cultural-ethical (micro) levels. The same tripartite structure applies at the institutional level, with the strategic 
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level focusing on university-wide charters and infrastructure, supporting responsible, equitable, and 
pedagogically sound GenAI adoption. 

 
The framework's utility lies in its adaptive nature; it does not prescribe a single policy 

but provides a structure for designing a coherent, multi-level response that can be tailored 
to different institutional sizes, types, and regional contexts. The dynamic interaction 
between the levels ensures that strategic vision is linked to operational support and 
grounded in cultural practice. The ultimate outcome—deep, responsible, and equitable 
learning in the age of AI—is consistent across contexts, even as the specific mechanisms 
vary. 

Implications for Diverse Contexts 
The identified archetypes and the proposed framework hold significant implications for HEIs 
in various contexts. For systems with strong central governance, elements of the Ethical-
Framework and Empowerment models may offer valuable insights. For institutions valuing 
academic autonomy, the Dialogic and Flexible model provides a compelling approach. The 
recurrent principles of transparency, accountability, and critical thinking provide important 
foundations for GenAI governance, although their prevalence and operationalization vary 
across institutions. The challenge for each institution is to intelligently hybridize these global 
insights into a locally resonant and effective policy ecosystem. Institutions in regions with 
emerging or hybrid models-such as China/East Asia, the Middle East, Africa, and Latin 
America-may find that these approaches offer valuable lessons about equity, national 
alignment, and contextual adaptation.  

Conclusion and Implications 

This study has provided a systematic comparative analysis of institutional GenAI policies and 
guidance across 29 leading universities, revealing a landscape of strategic differentiation 
alongside substantial convergence around several governance principles. The identification 
of four dominant policy archetypes demonstrates the range of approaches represented in 
the sample, while the emerging and hybrid cases show that institutional policy 
configurations may extend beyond these four models. Emerging approaches were identified 
in China/East Asia, the Middle East, Africa, and Latin America, while hybrid cases were 
observed in North America. These variations suggest that regulatory contexts, institutional 
resources, and equity considerations may be associated with distinct approaches to GenAI 
governance. The high prevalence of Mandatory Transparency, Ultimate Human 
Accountability, and Preservation and Cultivation of Critical Thinking across the sampled 
universities indicates a recurring cross-institutional pattern in contemporary GenAI 
governance. These principles provide a useful reference point for further comparative and 
empirical research, although their broader applicability beyond the present sample requires 
additional investigation. This research contributes an empirically grounded comparative 
typology of GenAI governance in higher education and extends discussion of technology 
policy and academic integrity. The proposed Tripartite Adaptive Governance Framework 
further provides a conceptual basis for designing coordinated, multi-level policy responses 
that can be adapted to different institutional and regional contexts. 
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For Institutional Leaders: 
Move from reactive responses toward proactive, enabling governance. Develop principle-
based policies, invest in faculty development and equitable infrastructure, and foster a 
culture of responsible innovation. Recognize that no single archetype applies uniformly 
across contexts; instead, combine relevant elements of different models according to 
institutional needs and conditions. 

For Faculty and Instructors: 
Embrace the role of learning designer. Clearly communicate AI-use expectations for each 
course, redesign assessments to support critical thinking, and engage students in dialogue 
about responsible AI use and ethics. Flexible tools such as the Utrecht 5-Level Spectrum can 
help align permissible AI use with specific learning objectives. 

For Students: 
Develop critical AI literacy and transparent practices of AI use. Evaluate AI-generated 
content carefully, verify its accuracy and limitations, and use AI as a support for rather than 
a substitute for independent thinking and learning.  

The rise of Generative AI marks an important period of re-examination for higher 
education, particularly in relation to teaching, learning, assessment, and academic integrity. 
The findings suggest that the universities examined are responding by developing 
governance approaches that seek to balance innovation with transparency, human 
accountability, critical thinking, and equity. Rather than implying a single path toward GenAI 
adoption, the findings support the value of adaptive and context-sensitive governance. By 
drawing on the experiences of the institutions examined and aligning policy, pedagogy, 
capacity building, and equity considerations, higher education institutions can develop 
governance arrangements that support responsible and meaningful engagement with 
GenAI. 

Limitations and Future Research 

This study has limitations that also chart a course for future research. First, as a document 
analysis, it captures intent and formal structure but not implementation efficacy. Future 
ethnographic and interview-based research is needed to study how these policies are 
enacted, resisted, or adapted in real classrooms in different global contexts. Second, the 
sample's elite bias means the models may not reflect challenges at teaching-focused, liberal 
arts, or resource-constrained institutions globally. To partially mitigate this bias, the sample 
deliberately included institutions from the Middle East, Africa, and Latin America, which are 
often underrepresented in comparative studies of higher education policy. Comparative 
studies across different types of institutions are vital. Third, the four archetypes identified 
are dominant models but do not exhaust the full range of policy approaches; emerging and 
hybrid models extend beyond them, particularly in cases with different regulatory, 
institutional, and cultural contexts, and these deserve further systematic investigation. 
Fourth, the proposed framework, while evidence-based, is a conceptual model requiring 
piloting, evaluation, and iterative refinement in diverse institutional settings. Finally, 
longitudinal studies are needed to track the evolution of these policies and their long-term 
impact on learning outcomes, skill development, and equity. 
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